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ABSTRACT

Molecular modeling study was performed on Oxadiazole derivatives as anti-cancer targets. The oxadiazole derivatives
having reported for anticancer molecules were subjected for fragmentation based OSAR to explore the relationship
between the chemical, physical and biological properties. MLR and PLS using stepwise forward backward methods
were used for model generation. The statistically significant and effective models were developed, in order to aid
in further optimization and development of newer anticancer agents. Further, the compounds were subjected to
molecular docking to understand the binding and interaction with the proteins at the active sites. The molecules were
also screened for in silico toxicity to gather the safety measures.
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INTRODUCTION

Cancers are the major cause of death worldwide despite of the availability of several drugs and treatments [1], due to
which enormous research is in progress around the globe to discover new anticancer drugs with better efficacy and lesser
toxicity [2]. Hepatocellular carcinoma (HCC) is the major form of liver cancer which originates from hepatocytes [3]
and there is relatively uncommon liver cancer as well such as heptatoblastoma and intrehepatic cholangiocarcinoma
[4]. Liver cancer is the third most common cause of cancer death globally [5] and is caused due to imbalance between
the activation and inactivation of the proto-oncogenes and anti-oncogenes as well as the environmental factor such
as ionizing radiation, physical damage, and specific chemicals leads to mutation of the genes, thereby activating the
proto-oncogenes into oncogenes and viral infection N-ras, hepatitis B, human papillomaviruses [6]. It is also believed
to be caused by abnormal activation of different molecules in various signaling pathways [7].

Oxadiazole is a heterocyclic compounds consisting of five-member ring of the azole group nucleus [8]. There is an
increasing number of biochemical targets for oxadiazole compounds and has a wide range of biological activities such
as anticancer [9,10], antiangiogenic [11], antimycobacterial [12,13], antibacterial [14], anthelmintic [15], antifungal
[16,17], anticonvulsant [18,19], hypoglycemic [20], analgesic [21,22] and antidepressant [23]. There are several
oxadiazole derivatives available in the market for various treatments such as Zibotentan (anticancer) [24], Raltegravir
(antiretroviral) [25], Tiodazosin, Nesapidil (antihypertensives) [26,27], Furamizole (antibiotic) [28], Fasiplon (anti-
anxiety) [29].

In the present study, a series of eighteen quinazoline derivatives reported by Zhang XM and co-workers [30] have been
taken to understand the SAR by carrying out G-QSAR and docking study. Further, the molecules have been docked
on three proteins (4CQO0, SA1G and 3UG2- Breast, Liver and Lung cancer target) to evaluate their binding interaction.

EXPERIMENTAL

The molecular modeling study was carried out on four different modes, the determination of physicochemical
parameters and bioactivity, fragmentation based QSAR, toxicity screening and molecular docking study. The reported
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Table 1: 2, 5-disubstituted-1, 3, 4 — oxadiazole derivatives with biological activity

data set consists of oxadiazole were taken and the IC50 (uM) values of the dataset were taken and further converted
to pIC50 (M) for the evaluation of their SAR (Table 1).

Physicochemical and bioactivity score screening

The drug likeness and bioactivity score of the compounds were screened using online tool Molinspiration
cheminformatics (https://www.molinspiration.com/) [31-33]. The structures of the molecules were developed by
JSME molecular editor provided by the online tool. It was performed to predict whether, the molecules were likely
to be a bioactive according to some important parameters such as molecular weight, LogP, number of HBA and HBD

831
Pelagia Research Library



Zonunsiami et al. Der Chemica Sinica, 2019, 10(1):829-840

along with bioactivity score towards GPCR ligand, ion channel modulator, kinase inhibitor, nuclear receptor, ligand,
protease inhibitor and enzyme inhibitor.

Molecular docking

The structure of the ligands was constructed using ChemDraw Ultra ver 7.0 and the energy minimization was
performed by “The PRODRG Server” (http://davapcl.bioch.dundee.ac.uk/cgi-bin/prodrg/submit.html). AutoDock
ver 4.2 was used as the primary docking program. AutoDock Tools were used to prepare the input pdbqt file and to
map the grid box. Gasteiger charges and polar hydrogen atoms were applied to the prepared protein structure (PDB
id: 4CQO0, 5A1G and 3UG2) [34-36]. The protein grid center was predicted at 70 x 70 x 70 in the dimensions of x,
y and z using 0.375A spacing. Lamarckian genetic algorithm was used for the conformational search; each docking
simulation was run for 50 independent runs with a population size of 150 and 25x105 energy evaluations. The pose
with lowest energy of binding or binding affinity was extracted and aligned with receptor structure for further analysis.
The two-dimensional interaction between the protein and ligand was carried out using Discovery studio Visualizer.

Fragmentation based Quantity structure-activity relationship analysis

VlifeEngine ver 4.3 provided by Vlife Sciences, Pune was used to perform fragment based QSAR study. The biological
activity (MIC) was converted into logarithm based scale and used as dependent variables (pMIC = -log MIC) in
G-QSAR study (Table 1). All the 18 structures were constructed using 2D draw application provided by VlifeEngine
module of VLifeMDS [37]. The 2D structures were then converted into 3D structures. The energy minimization
and geometry optimization was conducted using MMFF(Merck Molecular Force Field) with the setting of distance
dependent function in the dielectric properties field(constant as 1.0), convergence criteria(i.e. RMS gradient as 0.01),
maximum number of cycles(1,00,000) and gradient type (analytical) by batch energy minimization method [38]. All
the preparatory steps were performed by Vlife engine platform. The total pool of 632 descriptors was calculated and
the descriptors with constant values among the dataset were deleted, resulting in 202 different descriptors (independent
variables) which were used in the QSAR analysis. The dataset were divided by random search method into 12
molecules of training and 6 molecules of test set, 7:3 ratios. The training set was used to generate the QSAR model
and test set was used to validate the generated model. The biological activity of the molecules was used as dependent
variable whereas various physico-chemicals and alignment independent parameters (template structure is defined and
used for the alignment of molecules) were used as independent variable. Multiple linear regressions (MLR) and Partial
least square (PLS) with Stepwise forward backward (SWFB) selection methods were used with cross correlation limit
as 0.7, 3.00 as variance cut-off, ftest in and out as 2.00 and 1.99 respectively and term selection criteria as r2 [39-41].

Toxicity screening

The chemical data were screened for theoretical toxicity properties (mutagenicity, tumorigenicity, irritating and
reproductive effects) using DS TOPKAT supplied by Accelrys Pvt. Ltd [42] to analyze the risk of toxicity and their
overall drug score.

RESULTS AND DISCUSSION
Physicochemical and bioactivity score screening

The potency of the drug molecule is theoretically screened by applying Lipinski’s rule of five and molecules which
fulfill all the criteria are expected to be able to become drug. The results are given in Table 2. Bioactivity score
screening is to examine the bioactivity contribution of the molecules. The molecule activity score should fall within
the range of -3 and +3, the data set was found to be active. The Bioactivity score of the compounds are given in Table
3.

Molecular docking

Molecular docking is a computational approach to dive inside the target sites, which allows us to understand the
binding mode and affinity of the molecules towards the binding cavity. The chemical data sets were docked into three
different targets by rigid docking. In rigid docking, the spatial shape of the molecules was maintained rigid during the
docking process. The molecules were docked; in order predict the priority for binding site and mode of protein-ligand
interactions at the active sites. The best conformation for each molecule was selected based on the lowest binding
energy. The molecules were found to bind in the same pocket of active site as by its co-crystallized ligand, which
could be due to the presence of aromatic rings and heteroatoms, which is important for the cancer targets based on
the reported literature. All the compound have shown an average binding energy with an hydrogen bond and n—cation
interaction with the protein 4CQO whereas in case of 3HBS protein it showed good docking score with minimal
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Com . n n n n n
pound miL.ogP TPSA atoms MW ON OHNH violations rotb Volume
6a 3.63 57.39 23 326.38 5 0 0 4 275.78
6b 4.06 57.39 24 340.40 5 0 0 4 292.34
6¢c 3.59 103.22 26 371.37 8 0 0 5 299.11
6d 3.75 57.39 24 344.37 5 0 0 4 280.71
6e 3.54 103.22 26 371.37 8 0 0 5 299.11
6f 4.08 57.39 24 340.40 5 0 0 4 292.34
6g 3.79 57.39 24 344.37 5 0 0 4 280.71
6h 3.57 103.22 26 371.37 8 0 0 5 299.11
6i 431 57.39 24 360.82 5 0 0 4 289.31
6j 4.03 57.39 24 340.40 5 0 0 4 292.34
6k 4.39 57.39 24 405.27 5 0 0 4 293.66
61 4.42 57.39 24 405.27 5 0 0 4 293.66
6m 4.44 57.39 24 405.27 5 0 0 4 293.66
6n 4.26 57.39 24 360.82 5 0 0 4 289.31
60 4.29 57.39 24 360.82 5 0 0 4 289.31
6p 3.86 57.39 25 362.36 5 0 0 4 285.64
6q 3.89 57.39 25 362.36 5 0 0 4 285.64
6r 4.67 57.39 24 452.27 5 0 0 4 299.77

Table 2: Physicochemical screening of molecule data set

interaction and for SA1G protein, few of the compounds have shown not very promising binding energy whereas
compounds 6f, 6h, 6i, 6] and 6k showed better binding energy than the co-crystallized ligand. The amino acids which
are involved in the bond formation between the ligands and protein are Serine 142, Cysteine 185, Threonine 190,
Threonine 199, Threonine 200, Proline 201, Methionine 793, Glutamine 781. The bond diantace ranges from 2.18-
5.64A.

The compounds have shown an average binding with least interaction with amino acids of the target sites. The results
are shown in Table 4 and Figure 1.

Fragmentation based QSAR

Fragmentation based QSAR was performed and models were developed by MLR (Multiple linear regression method)
and PLS (Partial least square) methods using SWFB (Stepwise forward backward) methods. Chemical data sets of
18 compounds were divided into training (12 molecules) and test sets (6 molecules). The best QSAR models were
selected on the basis of predicted fitness plots and statistical values of the model (which must falls within the limited
range). The developed model is found with coefficient of determination (12), cross-validated r2 (q2), r2 for external
test set (pred_r2), statistical significance (F test), error in Prediction (12 se, q2 se) and the r2 for external test set (Pred
1r2). The statistical parameters for each model are shown in Table 5. The descriptors which contribute positively are
Mol. Wt. whereas chi4, T 2 T 1 and kappal contribute negatively.

Model 1 (MLR_SWFB)
PMIC = +4.1240+0.0057(0.0001) R1-Mol.Wt. -0.4576(0.1832) R1-chi4-1.4490

Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.06% to the biological activity.

chi4: This descriptor signifies a retention index (fourth order) derived directly from gradient retention times, and is
inversely proportional to the biological activity (45%).

Model 2 (PLS_SWFB)
pMIC =+ 0.0057 R1-Mol.Wt. -0.0462 R1-T 2 T 1-1.4484

Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.6% to the biological activity.

T 2 T 1: This descriptor signifies the count of number of double bounded atoms separated from single bond, and is
inversely proportional to the biological activity (0.05%).
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Com . Ion channel Kinase Nuclear receptor s e Enzyme
pound GPCR ligand modulator inhibitor ligand b Protease inhibitor inhili,itor
6a -0.73 -1.13 -0.13 -0.71 -0.39 -0.38
6b -0.74 -1.17 -0.16 -0.69 -0.41 -0.42
6¢ -0.80 -1.06 -0.25 -0.73 -0.46 -0.45
6d -0.68 -1.16 -0.19 -0.75 -0.39 -0.41
6e -0.80 -1.06 -0.31 -0.69 -0.46 -0.43
6f -0.75 -1.16 -0.16 -0.70 -0.42 -0.42
6g -0.69 -1.10 -0.09 -0.65 -0.38 -0.38
6h -0.81 -1.07 -0.25 -0.73 -0.47 -0.47
6i -0.70 -1.09 -0.14 -0.69 -0.40 -0.40
6j -0.74 -1.23 -0.26 -0.70 -0.43 -0.43
6k -0.87 -1.20 -0.25 -0.84 -0.57 -0.51
61 -0.82 -1.18 -0.20 -0.81 -0.50 -0.45
6m -0.80 -1.17 -0.17 -0.79 -0.48 -0.44
6n -0.73 -1.17 -0.18 -0.69 -0.43 -0.46
60 -0.70 -1.08 -0.15 -0.70 -040 -0.40
6p -0.69 -1.06 -0.12 -0.67 -0.34 -0.41
6q -0.65 -1.12 -0.15 -0.71 -0.34 -0.38
6r -0.69 -1.05 -0.14 -0.63 -0.46 -0.47

Table 3: Bioactivity screening of molecule data set
Docking score/ Docking score/ Docking score/
Molecule Binding Energy Binding Energy Binding Energy
Name [4CQO0 [SA1G [3UG2
(Breast)] (Liver)] (Lung)]
Reference ligand -8.1 -5.37 -6

6a -8.36 -5.37 -6.1
6b -8.48 -5.48 -7.1
6¢ -8.28 -4.02 -6

6d -8.31 -5.21 -6.1
6e -7.55 -4.65 -5.9
6f -8.41 -5.95 -7.3
6g -7.65 -4.66 -5.7
6h -7.79 -6.48 -5.5
6i -8.56 -6.35 -6.9
6j -9.18 -6.14 -7.8
6k -8.41 -5.52 -6.3
61 -8.60 -5.77 -6.4
6m -8.48 -5.23 -6.9
6n -8.76 -3.12 -6.2
60 -7.59 -5.06 -6.1
6p -8.00 -5.45 -5.9
6q -7.98 -4.90 -5.4
6r -7.54 -4.96 -5.5
6s -8.66 -5.87 -5.2

Table 4: Docking studies of dataset
Model 3 (PLS_SWEFB)
pMIC = +0.0055(+0.0001)R 1-Mol.Wt. -0.5123(£0.2062)R 1-chi4-1.3412

Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.05% to the biological activity.

chi4: This descriptor signifies a retention index (fourth order) derived directly from gradient retention times, and is
inversely proportional to the biological activity (0.51%).
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Figure 1: Interaction of 6j with 4CQ0, SA1G and 3UG?2 proteins.

Model N Df r? r’se q? q’se F test Pred_r2 Pred_r2 se
Model 1 12 9 0.74 0.14 0.61 0.17 13 0.70 0.07
Model_2 12 10 0.71 0.13 0.57 0.17 25 0.51 0.12
Model 3 12 9 0.75 0.15 0.61 0.17 13 0.59 0.09
Model 4 12 10 0.73 0.13 0.59 0.17 28 0.58 0.1
Model_5 12 10 0.70 0.13 0.56 0.17 24 0.65 0.11
Model_6 12 9 0.75 0.13 0.63 0.16 14 0.52 0.10

Table 5: Statistical parameter for the developed G-QSAR models

Model 4 (PLS_SWFB)
pMIC = +0.0055 R1-Mol.Wt. -0.0909 R1-chi4-1.9502

Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.06% to the biological activity.

chi4: This descriptor signifies a retention index (fourth order) derived directly from gradient retention times, and is
inversely proportional to the biological activity (0.09%).

Model 5 (PLS_SWFB)
pMIC = +0.0052 R1-MoL.Wt. -0.0497 R1-T 2 T 1-1.3489

Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.05% to the biological activity.

T 2 T 1: This descriptor signifies the count of number of double bounded atoms separated from a single bond, and is
inversely proportional to the biological activity (0.5%).

Model 6 (MLR_SWFB)
PMIC = + 0.0059(:0.0002) R1-Mol.Wt. -0.1157(0.0493) R1-kappal-1.4796
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Mol.Wt: This descriptor signifies molecular weight of a compound, which is directly proportional and contributes
0.06% to the biological activity.

kappal: This descriptor signifies first kappa shape index: (n-1)2 /m2, and is inversely proportional to the biological
activity (0.11%).

The regression plot of predicted against actual activity and the percentage contribution plot of descriptors are displayed
in Figures 2a-2f.
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Figure 2c: Fitness and contribution plot of Model 3.
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Figure 2f: Fitness and contribution plot of Model 6.
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CONCLUSION

A series of 2,5-disubstituted-1, 3, 4 — oxadiazole analogs were subjected for the different molecular modeling
approaches. The drug likeness and bioactivity score performed on molinspiration software showed that the chemical
data’s were within the Lipinski rules. Then, fragment based gsar study was performed using random search engine
algorithm for the division of the data sets and training and test sets, six models were generated by adopting the MLR
and PLS method with stepwise forward backward approaches and statistically significant G-QSAR models were
generated. R1- Mol. Wt at R1 position is the only descriptor which cam improved the biological activity whereas
chi4, T 2 T 1 and kappal shown to decreased the biological activity. Furthermore, the molecular docking study was
carried out against the 4CQO0, SA1G and 3UG2 protein for different cancer targets; the data sets are showing almost
similar binding patterns with the co-crystallized ligand. The compounds 6h, 6i and 6] have shown promising binding
energy in all the three proteins. Finally, it is concluded that the work presented here will play an important role in
understanding the relationship of physiochemical parameters with structure and biological activity. By studying the
molecular property, fragment based QSAR model and molecular docking one can consider and incorporate the present
findings which reveals that increasing the molecular weight thereby replacing the substitution at benzyl group by other
heterocyclic group. However, the aliphatic or hydrophobic groups, long chains and terminal double bond should be
avoided for better achievement.
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